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Artificial intelligence (Al) in public administration presents substantial potential to revolutionize how governments
operate, offering significant advancements in areas such as public procurement, service delivery, traffic control, and
healthcare management (Dimand et al., 2023). This technological evolution aligns with the growing imperative to
improve service quality, make better use of resources, and uphold core principles like equity, transparency, and
accountability. Consequently, research on Al in public administration must draw on diverse methodological and
analytical approaches. A comprehensive and interdisciplinary perspective is essential not only to assess the effects of
these emerging technologies but also to ensure their effective integration into established public service systems that
can adapt to today’s complex governance needs. Scholars have illustrated how Al can optimize service delivery by
automating routine administrative functions (Mehr, 2017; Vogl et al., 2020), personalizing services based on citizen
needs (de Sousa et al., 2019; Margetts & Dorobantu, 2019), and enabling predictive planning for future demands
(Dekker et al., 2022). This paper highlights how public institutions are increasingly engaging with Al, highlighting

the need to harness its capabilities through a public value-oriented lens (Desouza & Fatima, 2023).
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Introduction

Artificial intelligence (Al) is the ability of developing machines that are capable of performing activities
that would otherwise require human intelligence throughout the acts of comprehending, choosing, learning, and
learning (Andrews, 2018). They can be defined as intelligent applications in the public administration where
automated or semi-automated systems enhance the service delivery, operation efficiency and responsiveness
through such means as job automation, data analysis and modelling. Previously, Sousa et al. (2019) asserted that
Al came as the advancement of computing machines during the 50s up to big data, machine learning, and even
neural networks. In the public sectors, Al identifies areas of healthcare, policing, and policymaking, where issues
concerning big data and automated decisions are solved (Busuioc, 2020). As such, Al is quickly becoming a
decisive phenomenon in public administration with new prospects for increasing effectiveness, openness, and
quality of services (Andrews, 2018; Busuioc, 2020; Sousa et al., 2019).

However, there are several concerns when Al is adopted in public organizations, and this revolves around
ethics, fairness, and trust (Wirtz & Miiller, 2018; Andrews, 2018; Sousa et al., 2019) that affect productivity and
how citizens react to any implementation of Al in any service, mainly due to limited provisions on how they are

to be used. As such, the primary goal of this paper is to determine the nature and form of ethical, responsible, and
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valuable application of Al in public administration with a focus on the opportunity to increase effectiveness of
public services with Al technologies to solve emerging challenges. Specifically, some researches like Sousa et
al. (2019) present some of the uses of Al like profile matching to suit users into certain characteristics. Hence,
the key areas that the paper discusses include the application of artificial intelligent algorithms (set of rules to
solve a computational problem) like matching descriptions given by a user to a certain application. This is in
relation to algorithmic bias (errors in a computer that lead to wrong outcomes) that can direct the decisions in a
certain way due to wrong data input, decision-making traceability, and accountability. In addition, this paper
assesses the important factors of policy architectures (processes that guide any policy), managerial leadership,
and organizational flexibility in delivering Al systems ethically and efficiently. Hence the main research question
is “How can public administration integrate Al technologies to enhance service delivery and operational
efficiency, while minimizing algorithmic bias and ensuring transparency, fairness, and accountability in decision-
making processes that all users can accept?”

The value of public service in a given jurisdiction affects everyone cumulatively and nobody gets affected
by the regulations set in place to govern their use (Svara & Baizhanov, 2018). For example, when one walks into
a court to seek justice, everyone else in that region gets treated the same under the same law. Here, the value of
public service speaks volume since it is not designed to be biased in whatsoever way. As such, the rules apply in
engaging Al tools in complementing and not replacing human decision-making while focusing on responsible Al
management and public value delivery (Svara & Baizhanov, 2018; Maragno, Tangi, Gastaldi, & Benedetti, 2022).
Moreover, the paper focuses on the advancement in the ethical Al policies that leaders enforce, especially in

relation to already established policies.

Al Policy Frameworks

There are many uses of Al in the public sector, including health-care, law and order, and social services,
among other uses, and concerns on ethics emerge as a result. Cumming, Saurabh, Rani, and Upadhyay (2024)
asserted that it is critical to promote the creation of sustainable ethical Al policy frameworks so that Al
technology’s utilization is appropriate and constructive in public organizations like the police force (Wirtz &
Miiller, 2018). Since Al-based systems find applications in making the operations effective and in decision
making subjects like health-care, law and order, and social services among others, it becomes the responsibility
of the governments to come out with specific solution for the ethical issues that may arise (Sarker, 2022). Al
should be policy governed in a transparent and accountable way that does not discriminate as the technology
threatens social capital. A good example is having a comprehensive policy framework Al Act that outlines a
framework for regulating the use of Al in public administration with special focus on protection of fundamental
rights and creation of public values (van Kolfschooten & van Oirschot, 2024).

Having an Al Act is an innovative legislation that puts Al into risk categories depending on their impact on
the people and society, and this emerges from public reporting by the people on how Al directly or indirectly has
a negative effect on their livelihoods (van Kolfschooten & van Oirschot, 2024; Kusche, 2024). In so doing, this
risk-based approach plays a significant role in public administration because applications like facial recognition
or predictive policing can effect great changes in citizens’ rights; especially when used for predatory marketing
or spying by agencies it can lead to breaching of privacy of the individuals or access of data illegally. Therefore,
having such an Al Act protects the individuals in the state or region in which the Act applies through defining

high risk Al systems and applying the set requirements on them. For example, organizations implementing high
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risk Al applications should be under obligation to identify all potential risks, improve the data quality, and where
necessary, retain human supervision of the Al results. It minimizes the chances of bias reoccurring in the Al or
making decisions that are difficult to explain thus hampering fairness and equality in the provision of public
services.

As shown by Alvarez et al. (2024), another problem that comes with the use of Al is fairness, and this can
affect certain individuals when used inappropriately. Importantly, fairness is crucial in Al policy frameworks
especially as it relates to the possibility of Al systems to worsen existing biased behaviors like racism (Alvarez
et al., 2024). As shown in the previous section on the value of public service like courts (Svara & Baizhanov,
2018), those working in these areas use Al to aid them in making some decisions and various examples can show
how this can show fairness in play. For instance, where Al is used in the form of predictive policing, it means
that the algorithm will assign risk to specific demographic groups based on the past crime record which could be
prejudiced. Such instances partially explain why non-discrimination policies must be adopted, and why Al
systems should be trained on datasets that are diverse and inclusive (Alvarez et al., 2024; Ferrara, 2023). In the
area of use of Al in public organizations, Al Act requires that Al systems be checked for bias such as those
directed to marginalized communities and assumptions of their behavior (an example is people of color being
associated with crime), while the data used to train the Al systems must be clean, comprehensive, and non-biased.
This means that by improving fairness in the development and deployment of these Al systems in the public
organizations, it will be possible for the use of technology to work towards solving social issues of prejudice and
not deepen them.

Another area of focus when it comes to Al policy frameworks for public organisations is transparency, and
governments need to avail the necessary information to the public on how their data are used so as there is
transparency. Chan (2023) indicated that the citizens’ trust essential to the application of Al systems can be
assured if the decision-making process and the underlying reasons for Al-affected actions are comprehensible.
With this in mind, Kusche (2024) posited that Al Act mainly stipulates that the outputs of any Al systems must
be explainable, and thus public agencies must give reasons for Al technologies’ decisions. This requirement is a
plus for the accountability and the citizens can review the Al decision made by the public officers. For instance,
in those welfare distribution systems where the use of Al in decision-making is adopted, there is the need for
decisions made to be transparent to avoid making wrong decisions, or making decisions that are prejudicial to
the citizens. Without this transparency, the complexity of algorithms that underlie Al exposes the risk of
diminishing the society’s trust in government services.

Other values of ethical Al policy include fairness and transparency besides accountability which plays a
significant role in regulation of artificial intelligence systems (Chan, 2023; Kusche, 2024). A composite Al Act
also requires public organisations to retain human supervision in the use of the Al systems, including control of
the ultimate decision-making process by human personnel. To this end, this requirement helps prevent the Al
systems from making decisions that would have a profound impact on the people’s lives. For instance, the
automatic decision-making systems involving the ways that people obtain housing, welfare benefits, and other
social services can only be luminously monitored by humans so that people do not suffer from the AI’s prejudice
decisions. Such measures through the AI Act mean that Al systems are to operate solely as the tools that combine
and strengthen human control.

The issue of appropriate ethical Al policy frameworks deserves attention in order to direct appropriate Al

usage in the public sector. It is vital to focus on equal treatment, non-discriminatory, and unbiased approach, by
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making the principles of the fairness fully transparent and accountable. A positive scheme is through Al Act that
provides a strong regime that sets out the future guidelines on the ways Al technologies have to be deployed with
regard to standards and values (Saheb & Saheb, 2024). As even more public organisations implement such Al
systems, it is important for such frameworks to develop to respond to new problems like bias and the lack of
transparency in operations thus ensuring that Al works for the benefit of the public whilst also maintaining ethical
principles.

Al—Algorithmic Bias

Algorithmic bias is emerging as one of the biggest barriers in implementing Al in public service. It is seen
that Al systems work on algorithms that make decision based on the data fed into them and thus when the data
used to develop such algorithms are incongruent, then the decisions generated by the Al algorithms will further
the inequalities between already existing prejudice regarding certain groups of people in the society like the
association of crime with people of color and the judgments made by courts, which is a key component of public
service (Akter et al., 2021). This problem is quite relevant in the field of public administration where decision-
making is often implemented through an Al algorithm in areas like social services, law enforcement, or healthcare
for instance, and algorithmic bias may result in giving disadvantaged groups an unjust treatment. It is equally
important to understand how these biases are formed and to develop the ways of preventing this as the Al systems
used in public administration ought to bring justice rather than strengthen the prejudice. Therefore, the main
concern should be with the data we use to train Al systems, and Al systems designers need to be as fair as possible.

An example of algorithmic bias which is demonstrated in public administration is in the criminal justice
system where predictive policing algorithms have been employed to find areas with high propensity to crime
(Bignami, 2022). Often such algorithms are based on the crime history, which can contain biases in policing for
years. For example, if some ethnic groups have been targeted by police because of racial bias, the algorithm will
increase their link with crime when in fact the crimes are the same as other regions. Therefore, it becomes a self-
fulfilling prophecy and the predictive policing tools might arrest mainly the minorities. Hence, the data used need
to be critically evaluated to eliminate such bias. But in order to find a solution to this issue, the public
organizations evaluate the data that were used in training of the Al systems and are certain that it is not influenced
by the old biases.

Further, the same issue can be identified when it comes to Al application in social services where it has been
seen that Al systems have been applied in the context of calculating the welfare benefits or housing subsidies
(Reamer, 2023). Nonetheless, if the learned data contain prejudices of socio-economic status, race, or any other
attribute, then the system will serve certain groups of people even more unfair. For instance, an Al system can
bring out the correlation between low-income earners with fraud and hence apply higher scrutiny to their
applications than those of higher income individuals. It increases current disparities of opportunities and it erodes
the people’s confidence in government services. To avoid the above biases, there are measures that public
organizations must embrace such as auditing of the algorithms to check for bias and the data feeding the
algorithms must be bias free.

Addressing bias in algorithms is not a one step process. Reamer (2023) showed that different strategies need
to be implemented to address the challenge of algorithmic bias. One of them is to garner that Al systems are
trained on datasets that are inclusive of all the different categories of people. Public organisations, to be specific,

must make sure the data they gather are rich and diverse and do not over-rely on data profiles which are dated
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and which are usually created with already existing biased perceptions (Hodgson, Watts, & Gair, 2023). For
example, if an Al system is being created to determine the extent of people eligible for housing benefits, the data
required should be correctly reflecting people of different income status, race, location among others to avoid
bias. Further, there are other strategies like re-shuffling or re-sampling which an organization can employ to try
and balance the training data.

There is also the necessity for constant auditing of Al systems as some of the identified strategies. These
audits, as Minkkinen, Laine, and Méntyméki (2022) suggested, can evaluate the effectiveness of the algorithm
within the multiplicity of demographic categories with a view of realigning decision-making. For example, when
an Al tool in the police station yields different outcomes in various racial or ethnic groups, it will suggest that
the system is perhaps biased. For instance, it is only through regular auditing that biases of the public
organizations can be identified and corrected at an early stage. However, there is a lack of transparence in Al
systems; public organization decision should be more transparent and explain why they are making such decision
and the affected individual should be able to challenge the decision if they find it unjust.

There is also a need for public organisations to encourage ethical practice and development of Al both for
developers and administrators by providing them with knowledge on how bias affects decision-making (Stahl et
al., 2021). This includes obliging developers to incorporate the ethical aspect of their systems during the
development stage and also promoting the use of bias elimination methods like fairness constraints for machine
learning. For example, developers who want to implement an algorithm for hiring can employ something like
fairness-aware algorithms that change the decision-making pattern they are to pursue in order to make it
impossible for some categories of people, such as minorities or veterans, to be discriminated against.

Therefore, the problem of algorithmic bias remains a major issue affecting the proper utilization of Al in the
public administration (Stahl et al., 2021; Minkkinen et al., 2022). Bias in data can channel to unfair consequences
to the population especially those who are marginalized in the society and are counterproductive to the advanced
use of Al for better provision of public services. These concerns mean that public organisations require the
following measures to address these concerns, utilizing diverse datasets, conducting frequent audits, enhancing
transparency, and promoting ethically aligned Al. If these issues are going to be solved, the public administrations
can be benefit by using Al solutions while being fair and respecting the public.

Public Service Values

Transparency and accountability are some of the principles of public administration and governance
particularly when it comes to using Al for decision making. The problem is that as Al-based systems find their
way into the provision of government services, the reasons as to why certain decisions have been made are also
important and that is why the decision-making of such systems has to be modelled carefully (Cheong, 2024).
When used in welfare distribution, policing, or medicine, an algorithm can make life-changing decisions on
citizens they are not even aware of. Failure to make these systems transparent may result in their being turned
into effectively closed systems, or “black boxes”, in which the decision-making process itself becomes difficult
to determine or understand, or where decisions themselves can be manipulative or unfair. To avert this, the Al
development processes must incorporate points where the human performance can intervene and be checked by
the public.

An example of a situation where transparency is required is in employment of Al systems to assess

qualification to receive welfare benefits. The government, for instance, has in the recent past used Al tools in
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determining applicants for social benefits like unemployment benefits or housing subsidies (Gesk & Leyer,
2022). However, whenever decisions are made purely in this statistic mathematical form rather than given a
brief explanation to the applicant, then it feels like discrimination. One of the real-life incidents is in the
Netherlands where due to the implementation of Al-based system for welfare fraud, benefit claims were
selectively denied from specific ethnic groups (Maxwell & Vamparys, 2020). In another case, the absence of
information disclosure on how the Al arrived at the decisions provided caused a lot of public outcries and the
program was closed. This example supports the idea of making exposures of Al systems not only in terms of
their working mechanism but also, the output of such systems needs to be explainable to citizens so that they
can scrutinize the same.

Thus, problems describing explainability of Al systems should be solved in order to make the decisions
made by Al systems transparent in public organizations (Maxwell & Vamparys, 2020). This is in light of the fact
that the rationale behind AI’s decision-making should be easily understandable. For instance, if an Al system is
being applied in evaluating loan requests or the applicants for public housing, then it must be in a position to
explain why applicant “X” has been granted credit while applicant “Y” was rejected the same. Explanations
generate accountability since it enables those who made the decisions as well as the other victims to understand
the thinking of the Al (Nallakaruppan et al., 2024). In addition, transparency is the protection against error and
preconception; where the information technology is open to the public, there are more chances of recognizing
failures or unfairness in the program.

Transparency is also well related to accountability, as mentioned above. Public organizations, thus, have to
assure that none of the Al are completely autonomous decision-makers but are at least supervised by humans
(Gesk & Leyer, 2022). For instance, in the criminal justice system, there is such an Al tool as a risk assessment
which includes algorithms that help in decisions concerning the granting of parole or the pronouncement of the
sentence. These tools compute the risk of recidivism depending on the provided factors; however, the
effectiveness of these tools has been criticized, especially with scenarios, where the generated racial bias is
detected by the algorithms. Whenever this is done, there is a need to have human intervention in order to assess
the algorithm solution and then make an ethical decision. To avoid Al explanations for sale being given as a
scapegoat of decisions, then accountability means that public decision-makers remain accountable for such
decisions made with the assistance of Al explanations for sale.

Another way through which public trust in Al-generated government services can be improved is through
independent and periodic check on Al systems to make sure the system is periodically reviewed to address any
bias or fairness issues if they are present so that the services rendered are equal and fair to everyone (Akter et al.,
2021). For example, if a machine learning-based Al application for public health was promoting denial of
healthcare benefits to a particular race, then an audit can make the organization come across this vice and work
toward fixing it. Also, sharing the outcomes of such audits encourages trust because people can notice the
government’s efforts toward ethical artificial intelligence. Furthermore, there are legal initiatives in Al Act that
aim at enhancing transparency by requiring companies to disclose numerous documents regarding the
functionality, decision making, and risk evaluation of the high-risk Al systems that are used in public
administration (Kusche, 2024). Such regulations are vital especially for the aspects of accountability since it
makes it impossible for public organisations to implement the Al systems without having to go through the

various issues of ethics without being in a position to explain to the public given sufficient publicity.
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Al Paradigm Shift

It is important for the public sector, mainly controlled by the government to consider and to take much care
while implementing the use of Al in the public sector (Bignami, 2022). In the current and future course of
development of Al technologies as vehicles for public administration, sound leadership is imperative for the right
utilization of the technologies in the public domain within the context of ethical applications, public values, and
trust in government. Decision-makers in the public sector have responsibilities in the implementation of Al
systems in a way that shall not compromise or remove executive control over the decision-making process.

It is the duty and social responsibility of the public leaders to guarantee the use of Al as support tools to
augment the human discretion and not tools to displace human discretion. For instance, in the areas such as
healthcare, such systems help doctors in the identification of diseases by studying numerous pieces of information
and tracking several patterns which might be unnoticeable to humans. Thus, it is critical to state that Al should
not be the decision-maker when it comes to creating the treatment pathways of patients. However, leaders in the
public sector must create paradigms which entail that Al is helpful in the sense that its present findings are helpful
in the procedures; but the doctors are the ones who make decisions (Ferrara, 2023). This is important so that there
is a balance that can help in sustaining accountability and also guarantee that human experience remains important
when making important decisions.

Managers in public organisations like courts and public healthcare also cannot avoid the ethical issues
related to the implementation of Al decision-making which include issues of bias, fairness, and transparency
(Reamer, 2023; de Manuel et al., 2023). Managers are supposed to act as to set the rules for Al disclosure within
their facilities and make sure that the Al devices will not have bias and discrimination. For example, in the
policemen service, the Al based facial recognition technologies have been adopted to increase rate of observation
and suspect identification. Nevertheless, de Manuel et al. (2023) posited that these systems tend to be racist
against certain groups and may lead to wrong identification. The directors of the public sector have to make sure
that these Al tools are examined and audited so that such biases are not present within, and used properly
(Minkkinen et al., 2022). It is clear that through risk management of ethical risks the leaders can enable the
adoption of Al within their organisations in a manner that is conducive to trust from the public.

Also, leaders have to ensure that cooperation between an Al system and employees occurs by stating that
Al is a tool created to enhance human resources (Arslan et al., 2021). In the public sector for instance where the
impacts resulting from decisions made are often ending up being more significant, such an approach is crucial.
For instance, Al systems can be applied in public welfare programs to determine the participants’ eligibility for
certain benefits based on their financial records and other factors. However, the public sector managers need to
make sure that human beings are the last word in deciding the patients’ eligibility especially in situations where
compassionate stories need to be told and heard. In this way, the leaders will be able to design a synergy between
Al and human workers to signify how Al can augment the judgment and improve the decision-making with the
advantage of fairness.

Of equal significance is the concern on the aspect of education and skills development as the leadership
takes charge of the Al adoption processes (Fullan, Azorin, Harris, & Jones, 2023). Lack of skill and competency
in the human resource in the public sector is a factor that limits the proper utilization and management of Al
technologies; thus, it is imperative for public sectors to spend on the training of the human resource to properly
utilize Al technologies. This includes not only the kind of skill needed to “speak” to machines but also the kind
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of experience needed in order to grasp the constraints and the possible ethically questionable aspects of the Al.
The leaders who employ Al in decision-making processes concerning public services must take an extra measure
to ensure that the staff within the organizational possess the necessary skills in the interpretation of Al generated
outputs and the human-centered judgement in unexpected circumstances (Alasmri & Basahel, 2022). For instance,
in the public education systems, these innovative instruments can help the teacher recognize the extra attention
required students based on the performance indicators. Nevertheless, several decisions regarding schooling still
remain exclusive to the teacher’s discretion based on their professional content knowledge and professed-general
pedagogical experience of students.

Public Servants and Al

Since the use of Al technologies becomes widespread in the framework of public administration and delivery
of public services, requalification and development of competencies of the civil servants become highly relevant
and important (Yang, 2022). Thus, they would be able to effectively manage and govern Al systems and
technologies. Al will bring about enormous returns in terms of productivity, optimal decision-making, and quality
service delivery provision. Nevertheless, to realize the expected gains and benefits, Al requires a competent
workforce that appreciates both the technology interface and the sundry ethical, legal, and operational
considerations (Jaiswal, Arun, & Varma, 2021). Training and skills development for employees in the public
sector is critical for responding to Al solutions, not forgetting improving on career opportunities for workers with
an aim of avoiding displacement of their positions by the technologies.

Algorithm-based decisions, repetitive entails like clerical, data entry or document processing, administrative
processing, or decision-making can be performed through Al application which makes people afraid of loss of
job (Yang, 2022; Na, 2024). Although it has been seen that Al can replace human employee, there is an optimistic
aspect that Al can perform the repetitive task and free the human employee for the value-added tasks. For instance,
Al in public health administration leads to data dealing and patient files processing and data-driven duties and
responsibilities and allows the professionals to serve the patients and to engage in critical decision making.
Retraining of the labour workforce is mandatory because they all have to shift from performing mechanical tasks
to those that call for critical thinking, solving problems, and making decisions that human beings alone are not
capable of making.

For this to happen, the public sector organizations have to embark on extensive retraining sessions for their
staff to develop skills that will enable them to effectively interact with Al systems (Na, 2024). Technical training
is one with the help of which employees would know how to use Al, how to read Al results, and how to solve
Al-related technical problems. For instance, Al application is being widely used in the prediction of crimes and
facial recognition in law enforcement. Police officers as analysts, also need to be educated on not only the use of
the systems but also their drawbacks and the bias influences on the Al predictions (Saheb & Saheb, 2024). This
clearly is a technical requirement but the need to decide whether to use Al for such crucial issues as security and
protection of the public entails incorporating an ethics factor.

The new competencies which need to be advanced for public sector employees include data literacy and Al
governance. For Al to work, there should be proper ways through which data are collected and managed and
proper analysis done by employees in the organization (Janssen et al., 2020). This pertains to awareness of
legislators’ provisions, security standards, and ethical issues with regard to the utilization of personal data. For

example, in social services, workers who employed Al systems for evaluating the respondent’s eligibility for
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benefits must guarantee the quality of data that the Al systems use. Furthermore, employees should also know
ways by which citizens’ privacy can be defended mostly when involving sensitive data (Na, 2024). Retraining
programs should therefore comprise of data ethics and the legal requirements of the use of Al as well as data in
the public administration.

Another important aspect of the retraining of the workforce is to follow such concepts as Al integration with
human expertise. The public sector employees need to understand how to read Al output in the light of their other
professional experience and knowledge (Simon, Revilla, & Jestis Sdenz, 2024). For example, in public education,
there exist techniques that may help analyze the student performance data and pinpoint learners who may be
performing poorly in their academic work. There is, however, reasonable expectation that in a given context, the
teacher must make a professional decision about the feasibility of the recommendation based on their
understanding of the learner’s needs and realities. This will entail the need to convince the employees to change
their mind set about Al as a system that does not require human input all the time. Therefore, as a retraining and
competency improvement measures for the workforce involved in the utilization and management of Al in public
administration, there is the need for increased investment (Johnson, Albizri, Harfouche, & Fosso-Wamba, 2022).
Through employing technical trainings and data literacy, ethical awareness, and collaboration between Al as well
as human judgment, public organizations are assured that their personnel is capable of applying Al technologies
in a manner that will elongate their useful lives and serve the public’s best interest. The proactive approach to
reskilling would in the long term help Al become a means through which the public sector becomes empowered,
not threatened by its existence.

Substitutability of technologies may also be necessary to bring Al systems in public institutions hence
organisational flexibility. With the integration of Al to decision-making and service delivery models, public
organizations require changes in several work models, process, and structures (Zirar, Ali, & Islam, 2023). This
entails strategic intervention which would involve redesigning organizational structures, operationalizing new
work processes to harness potential of Al, building Al culture of innovation, and embedding the right checks and
balances that would ensure that Al is used ethically in organizations (Zirar et al., 2023). However, the problem
is not only by the introduction of new technologies, but in changing organizational practices to increase the
overall efficiency, while not compromising the organization’s accountability to the public.

Al systems can also pose challenges for public organizations because the organisations need to change their
structure to incorporate the new systems. It usually entails the establishment of the Al governance, management,
and execution which sometimes means formation of new dedicated positions and offices (Zirar et al., 2023). For
instance, a number of governments are forming Al ethics governance committees or data science committees for
overseeing and coordinating the Al projects, for overseeing the performance of the algorithms, and for ensuring
that the usage of Al is not unauthorized or improper. Such specialized units aim at making sure that Al systems
uphold democratic values such as unfairness, transparency, and accountability (Alvarez et al., 2024). These units
have been created based on the realization that Al expertise must be integrated across large organisations such
that the adoption of Al in public organisations is properly coordinated within an Al strategy that is informed by
expert advice.

Innovation and Regulation in the Public Service

The advancement and adoption of Al have brought in many opportunities for development especially on the

way processes are made, decisions are arrived, and services are delivered. But there are also important and subtle
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ethical and societal implications associated with the adoption of Al in government services (Kulal et al., 2024).
This becomes a challenge where public organizations must find a middle ground in advocating for Al
development as well as adopting requisite regulations on implementation of the same. It is aimed at promoting
further development of technology while preserving people’s confidence and ensuring honesty and righteous
behavior.

The intensity of progress in this technology also breeds various shortcomings which call for control through
legislation. Enabling Al to take decisions on its own comes with a range of problems, including bias in the
decisions made, violation of data privacy, and lack of transparency in the whole decision-making process (de
Manuel et al., 2023). For example, in the United States predictive policing system has been accused of promoting
racism; it targets minority group because the statistics on which it bases its choices are racially biased (Mugari
& Obioha, 2021). Like the welfare automation systems of Australia (Hodgson et al., 2023), there are others that
have also been criticized for rehearsing prejudice against citizens that are already marginalized by owing to errors
made by algorithms involved in the operations of the systems. These examples illustrate the risks of unregulated
advance in Al that describes the potential benefits of utilizing Al technologies at the cost of fairness, justice, and
confidence in public organizations. Specifically, this is through the integration of new innovations in the Al field
and proper use of the Al for fair and equal treatment of the people.

To solve these ethical challenges, it is important to have regulatory standards to provide guidance when
using Al (Minkkinen et al., 2022). Over the past few years, governments and organizations of the international
level have approved legislation that can regulate the risks associated with Al, and at the same time promote the
use of new technologies. One example is where Al Act proposes a risk-based approach to the regulation, which
divides Al systems by risk to human and society (Kusche, 2024). Al that is deemed to be high risk including use
in policing or in the healthcare sector will need transparent, accountable, and supervised by man. This favorable
oriented regulation makes sure that the Al systems needed for the crucial sectors are strictly under the ethical
measurements. However, the executive systems for the other immature sectors are inflated by innovation. The
Al Act can be used as an example of how it is possible to liberalize the Al market while still regulating it for
people’s benefit.

Therefore, the most suitable and mechanisms will suitable and efficient framework of regulation is the one
that is flexible and adaptive (Sarker, 2022). Instead, governments need to develop regulatory standards capable
to respond to ethical risks, though being open for development along with appearing IT breakthroughs. Examples
include instances such as sandboxes where Al technologies can be practiced in enclosed settings but with the
convenience of practicing the innovation. Some other key stakeholders are the regulatory bodies that may
maintain continuous engagements with Al developers and public organizations to ensure that recommendations
for the same from this paper are developed so as to address the issues of responsibility without inadequate

restrictions on Al innovation.
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